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Dual-Encoder Similarity Is a Bag of Concepts LCSE: Logic-Constrained Score Editing Every Operator Improved, Retrieval Preserved
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combine. tion. Score each concept with the frozen encoder, execute the operator externally, main unreliable on both operator queries and standard retrieval. LCSE is correct
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Fine-Tuning Targets the Wrong Bottleneck Bestfinetuned* 773 784 792 960 627
Gain Scales with Evidence Quality LCECER 880 824 828 847 907

Polarity test for “no X". Do images without X outscore images with X (AUC
> 50%)? Every tested model, even negation-finetuned, stays below chance.  Wwe stratify by the weakest concept’s detection AUC. External execution nearly closes

Bold = best among CLIP methods; 1 = different backbone; p = rank correlation vs. CLIP; * column-wise best of the six fine-tuned baselines.

Factored evidence (1—p) is correct by construction. the gap where the encoder’s evidence is reliable. Ta keaway
Method AUC . . Compositional failure is interface-level, not representation-level. The en-
CLIP (Radford et al., 2021) 11.2% Weakest concept AUC n  Holistic (%) LCSE(%) A (pp) coder detects the concepts, but the scoring interface fails to combine them.
NegCLIP (Yuksekgonul et al., 2022) 9.3% . LCSE executes the logic externally. With no retraining, it improves all seven
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